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Abstract
Identification of the genetic architecture of phenotypic stability and management of adaptational genes are prerequisites for
improvement of plant adaptation. To locate the genes controlling adaptation in barley, wheat-barley disomic addition lines were used
in a randomized complete block design with three replications under rainfed and irrigated conditions for three consecutive cropping
seasons (2009-2011). The GGE [genotype main effect (G) and genotype by environment interaction (GE)] biplot graphical tool was
applied to analyze multi-environment trials (MET) data. Combined analysis of variance showed that the GE interaction effect
accounted for 57.3% of total variation, indicating that the GE interaction is more complex. The first two principal components (PC1
and PC2) were used to display a two-dimensional GGE biplot. Thus, genotypic PC1 scores >0 classified the high yielding genotypes
while PC1 scores <0 identified low yielding genotypes. Unlike genotypic PC1, genotypic PC2 scores near zero exhibited stable
genotypes whereas large PC2 scores discriminated the unstable ones. The GGE biplot analysis was useful in identifying stable
genotypes with high yield performance. Disomic addition line (DAL) H7, was characterized as genotype with the highest mean yield
and low stability. In contrast, DAL H2, was identified as the best genotype in integrating mean yield with the highest stability
performance. It was concluded that most of the genes controlling yield and yield stability in barley are located on chromosome H2.
Keywords: GGE biplot, multi-environment trials, stability, wheat-barley disomic addition lines.
Abbreviations: ANOVA - analysis of variance; ATC- average tester coordinate; CS - chinese spring; DALs - disomic addition lines;
EI1- irrigated environment1; EI2- irrigated environment2; EI3- irrigated environment 3; ER1- rainfed environment1; ER2- rainfed
environment2; ER3- rainfed environment3;
GEI- genotype by environment interaction; GGE-genotype main effect (G) and
genotype by environment interaction (GE); MET- multi-environment trials; PC- principal component; TSS- total sum of squares

Introduction
Multi-environment trials (MET) are conducted to evaluate
yield stability performance of genetic materials under varying
environmental conditions (Delacy et al., 1996; Yan et al.,
2000; Yan and Rajcan, 2002). A genotype grown in different
environments will frequently show significant fluctuations in
yield performance. These changes are influenced by the
different environmental conditions and are referred to as
genotype-by-environment (GE) interaction (Allard and
Bradshow, 1964). However, GE interaction reduces the
genetic progress in plant breeding programs through
minimizing the association between phenotypic and
genotypic values (Comstock and Moll, 1963). Hence, GE
interaction must be either exploited by selecting superior
genotype for each specific target environment or avoided by
selecting widely adapted and stable genotype across wide
range of environments (Ceccarelli, 1989). Numerous methods
such as regression coefficient (Finlay and Wilkinson, 1963),
sum of squared deviations from regression (Eberhart and
Russel, 1966), stability variance (Shukla, 1972), coefficient
of determination (Pinthus, 1973), coefficient of variability
(Francis and Kanneberg, 1978) and additive main effects and
multiplicative interaction (AMMI) (Gauch and Zobel, 1988;
Zobel et al., 1988; Gauch 1992; 2006) have been commonly

used to analyze MET data to reveal patterns of GE
interaction. Yan et al. (2000) proposed another methodology
known as GGE-biplot for graphical display of GE interaction
pattern of MET data with many advantages. GGE biplot
analysis considers both genotype (G) and GE interaction
effects and graphically displays GE interaction in a two way
table (Yan et al., 2000). GGE biplot is an effective method
based on principal component analysis (PCA) to fully explore
MET data. It allows visual examination of the relationships
among the test environments, genotypes and the GE
interactions. It is an effective tool for: (i) mega-environment
analysis (e.g. “which-won-where” pattern), where by specific
genotypes can be recommended to specific megaenvironments (Yan and Kang, 2003; Yan and Tinker, 2006),
(ii) genotype evaluation (the mean performance and
stability), and (iii) environmental evaluation (the power to
discriminate among genotypes in target environments) (Ding
et al., 2007). It has been proposed that GGE biplot analysis
was a useful method for the analysis of GE interactions
(Butron et al., 2004; Fan et al., 2007; Laffont et al., 2007;
Yan and Kang, 2003; Samonte et al., 2005) and had been
exploited in the variety evaluation of wheat (Yan and Hunt
2001; Yan et al., 2000), Maize (Fan et al., 2007) and soybean
(Yan and Rajcan, 2002). Irrespective of how a stability
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parameter is measured, one of the most critical question is
whether it is genetic? If the characteristic measured by the
parameter is non- genetic, it is not heritable and thus selection
for such a parameter is fruitless (Lin and Binns, 1994; Jalata
et al., 2011). Various authors have proved that stability
indices are genetic and hence heritable (Lin and Binns,
1988a; Lin and Binns, 1988b; Lin and Binns, 1991;
Farshadfar et al., 1999).
If stability is heritable, the next step in the genetic analysis
is identification of the chromosomal location of the genes
controlling the character (Farshadfar et al., 2011). Therefore
to understand the genetics of continuous variation, it is
necessary to identify the chromosomal location of the genes
controlling quantitative attributes such as yield and yield
stability (Eskridge et al., 2000). Various techniques
(biometrical, cytogenetic and molecular) have been used to
locate the genes monitoring quantitative traits among which
cytogenetic methods (monosomic, disomic, substitution and
disomic addition analysis) have been widely used. Because of
the complex nature of phenotypic stability, very little
information is available on the chromosomal location of the
genes conditioning adaptation ( Morgan, 1991; Koszegi et al.,
1996; Farshadfar and Sutka, 2003). Disomic addition lines in
which a single pair of chromosomes from related species is
added to the full chromosome complement of the recipient,
can be used to indentify chromosomes carrying the genes
controlling adaptation and phenotypic stability and form the
starting point for gene transfer and genetic improvement of
genotypic stability (Ellis et al., 2000; Farshadfar et al., 2008).
Wheat-barley disomic addition lines have been used to
evaluate gene expression and physical mapping of barley
(Cho et al., 2006). Using wheat-barley chromosome addition
lines, isozymes and DNA markers have been physically
mapped to chromosomes and chromosome arms (Islam and
Shepherd, 1990; Garvin et al., 1998). Thus, the main
objectives of the present investigation were to (i) evaluate the
stability performance of seven wheat-barley disomic addition
lines (DALs) under different growing conditions using GGE
biplot methodology, (ii) evaluate the yield performance of
each genotype in relation to ideal genotype and (iii) examine
the relationship among test environments in genotype
discrimination.
Results and discussion
Combined analysis of variance
The results of combined-ANOVA for grain yield data
indicated that the differences among all sources of variation
were highly significant (P<0.01) (Table 1). The environment
(E) effect was accounted for 21.7 % of total sum of squares
(TSS). The GE was accounted for 55.3% of TSS and was
greater about four times than the G effect. The large GE
interaction, relative to G effect, in this study suggests the
possible existence of different mega-environments with
different top-yielding genotypes (Yan and Kang, 2003). This
result revealed that there was a differential yield performance
among disomic addition lines across testing environments
due to the presence of GE interaction. The presence of GE
interaction complicates the selection process as GE
interaction reduces the usefulness of genotypes by
confounding their yield performance through minimizing the
association between genotypic and phenotypic values
(Comstock and Moll, 1963). It is commonly reported that
MET data may constitute a mixture of cross over and noncross over types of GE interaction, the former indicate the
change in yield ranking of genotypes across environments

and the later term shows constant yield rankings of genotypes
across environment (Yan and Hunt, 2001; Matus-Cadiz et al.,
2003).
Polygon view of GGE biplot analysis of MET data
The polygon view of a biplot is the best way to visualize the
interaction patterns between genotypes and environments
(Yan and Kang, 2003) to show the presence or absence of
cross over GE interaction which is helpful in estimating the
possible existence of different mega environments (Gauch
and Zobel, 1997; Yan and Rajcan, 2002; Yan and Tinker,
2006). Visualization of the "which won where" pattern of
MET data is necessary for studying the possible existence of
different mega environments in the target environment
(Gauch and Zobel, 1997; Yan et al., 2000). Fig. 1 represents a
polygon view of wheat-barley disomic addition lines MET
data in this investigation. In this biplot, a polygon was
formed by connecting the vertex genotypes with straight lines
and the rest of the genotypes placed within the polygon. The
partitioning of GE interaction through GGE biplot analysis
showed that PC1 and PC2 accounted for 39.1% and 37.7.9%
of GGE sum of squares, respectively, explaining a total of
76.8% variation. The vertex genotypes in this study were H7,
H2, H3, H5, H1 and CS. These genotypes were the best or
the poorest genotypes in some or all of the environments
because they were farthest from the origin of the biplot (Yan
and Kang, 2003). From the polygon view of biplot analysis
of MET data in three years, the genotypes fell in four sections
and the test environments fell in three sections. The first
section contains the test environments EI2 (irrigated
environment 2), ER2 (rainfed environment 2) and ER3
(rainfed environment 3) which had the genotype H7 as the
winner; the second section contains the environments EI1
(irrigated environment 1) and ER1 (rainfed environment 1)
with H3 as the best yielder. The test environment EI3
irrigated environment 3) was fallen in a separate section
without any yielder. The vertex genotype CS, H1 and H5
were not the top-yielding genotypes in any environment.
Mean yield and stability performance of genotypes
The ranking of seven wheat-barley DALs and the two parents
based on their mean yield and stability performance are
shown in Fig. 2. The line passing through the biplot origin is
called the average tester coordinate (ATC), which is defined
by the average PC1 and PC2 scores of all environments (Yan
and Kang, 2003). More close to concentric circle indicates
higher mean yield. The line which passes through the origin
and is perpendicular to the ATC with double arrows
represents the stability of genotypes. Either direction away
from the biplot origin on this axis indicates greater GE
interaction and reduced stability. For selection, the ideal
genotypes are those with both high mean yield and high
stability. In the biplot, they are close to the origin and have
the shortest vector from the ATC. The DALs H2, followed by
H4, can be considered as genotypes with both high yield and
stability performance. The other genotypes on the right side
of the line with double arrows have yield performance greater
than mean yield and the genotypes on the left side of this line
had yields less than mean yield. The genotypes with highest
yielding performance but low stability were H7 and H3,
whereas the genotypes with low yield and low stability were
the both parents (CS, Betzes). The DALs of H4 (with
relatively high yield) and H1 (with lowest yield) were similar
in GE interaction. Breeders can also use Fig. 2 for selecting
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Table 1. Analysis of
disomic addition lines
conditions.
Source
Genotype (G)
Environment (E)
GE interaction

variance for grain yield of seven
and two parents across six growing
Df
8
5
40

MS
973.37**
2699.73**
713.06**

SST (%)
15.6
27.1
57.3

H1, CS and Betzes) were unfavorable because they are far
from the ideal genotype. The relative contributions of
stability and grain yield to the identification of desirable
genotype found in this study by the ideal genotype procedure
of the GGE biplot are similar to those found in other crop
stability studies (Samonte et al., 2005; Fan et al., 2007).
Relationship among test environments

Fig 1. Polygon view of genotype- environment interaction for
wheat-barley disomic addition lines over six test
environments. The vertex genotype in each sector is the best
genotype at environments whose markers fall into the
respective sector. Environments within the same sector share
the same winning genotype, and environments in different
sectors have different winning genotypes. H1-H7 is the
codes for the wheat-barley disomic addition lines and CS and
Bet are the recipient and donor parents, respectively. ER1,
ER2 and ER3 are environmental codes for the environments
under rainfed conditions in 2009, 2010 and 2011 cropping
seasons, respectively. EI1, EI2 and EI3 are environmental
codes for the environments under irrigated conditions in
2009, 2010 and 2011 cropping seasons, respectively.

the genotypes with the best response to particular
environments. For instance the DAL H7 had the highest
yielding performance in environments EI2 and ER2; and the
DALs H2 and H3 well performed in the environments ER1
and EI1, whereas H7 was poor in these two environments and
the H2 and H3 had low yield performance in EI2 and ER2.
Evaluation of genotypes relative to an ideal genotype
An ideal genotype should have the highest mean performance
and be absolutely stable (Yan and Kang, 2003). Such an ideal
genotype is defined by having the greatest vector length of
the high-yielding genotypes and with zero GE (or highest
stability), as represented by the dot with an arrow pointing to
it (Fig. 3). An ideal genotype, which is located at the center
of the concentric circles in Fig. 3, is the one that has both
high mean yield and high stability. Ideal genotype projection
on the ATC x-axis is designed to be equal to the longest
vector of all the genotypes. The ideal genotype is stable
because its projection on the ATC y-axis is near zero. A
genotype is more favorable if it is closer to the ideal
genotype. The H2 was near to the ideal genotype. Ranking of
other genotypes based on the ideal genotype was H7 > H4 >
H3 > H6. In other words, the lower yielding genotypes (H5,

Fig. 4 provides the summary of the interrelationships among
the test environments. The lines that connect the biplot origin
and the markers for the environments are called environment
vectors. The angle between the vectors of two environments
is related to the correlation coefficient between them. The
cosine of the angle between the vectors of two environments
approximates the correlation coefficient between them
(Kroonenberg, 1995; Yan, 2002). Acute angles indicate a
positive correlation, obtuse angles a negative correlation and
right angles no correlation (Yan and Kang, 2003). A short
vector may indicate that the test environment is not related to
other environments. Based on the angles between
environment vectors, the ER1 and EI1 (corresponding to
rainfed and irrigated conditions in 2009 cropping season,
respectively) tend to separated in a same group. Similarly, the
two environments of ER2 and EI2 (corresponding to rainfed
and irrigated conditions in 2010 cropping season,
respectively) were highly correlated and were differed from
the environments belonged to 2009 cropping season in
genotype discrimination. The environments ER3 and EI3
which represent for rainfed and irrigated conditions in 2011
cropping seasons, respectively, made an obtuse angle with
each other, which indicates a negative correlation between
the response of genotypes to rainfed and irrigated conditions
in 2011 cropping season. According to Fig. 4, no positive
relationship was found between the years which the trials
conducted, showing that the response of genotypes in one
year either independent from other years or negatively
associated.
Ranking of
environment

genotypes

relative

to

highest

yielding

Fig. 5 illustrates the graphic comparison of the relative
performance of all genotypes relative to the environment EI1
with the highest yielding production. A line was drawn that
passed through the biplot's origin and the EI1 marker to make
an EI1-axis, and then a line was perpendicularly drawn from
each genotype toward the EI1-axis. This line (EI1-axis) is
called the axis for this environment (Yan and Tinker, 2006)
and along it is the ranking of genotypes. The genotypes were
ranked on the basis of their projections onto the EI1-axis,
with rank increasing in the direction toward the positive end
(Yan et al.,2000). Thus, Fig. 5 shows ranks of genotypes
based on their yield performance in EI1. From the graph,
genotypes ranging from H3 to H4 on the right side of the
perpendicular line to the axis had higher than the average
yield in this environment, while genotype H5 to CS showed
lower yield that average yield performance.
Ranking test environments relative to the highest yielding
genotype
Fig. 6 shows ranking of test environments in relative to the
performance of genotype H7. To study the specific adaptation
of a genotype, a line is drawn that passes through the biplot
origin and the genotype. On the axis, genotype (H7)
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and environments are ranked along it (Yan et al., 2000).
Thus, the graph indicates that H7 had higher than the average
in four (EI2 followed by ER2, ER3, ER1) out of six
environments, but had low yield performance in EI1 and EI3.
Among this, it performed best in EI2 and ER2 environments
than the other remaining environments.
Materials and methods
Plant genetic materials

Fig 2. GGE biplot showing the ranking of genotypes for both
yield and stability performance over environments. The line
passing through the biplot origin is called the average
environment coordinate (AEC). More close to concentric
circle indicates higher mean yield. The line which passes
through the origin and is perpendicular to the AEC with
double arrows represents the stability of genotypes. Either
direction away from the biplot origin, on this axis, indicates
greater GE interaction and reduced stability. H1-H7 is the
codes for the wheat-barley disomic addition lines and CS and
Bet are the recipient and donor parents, respectively. ER1,
ER2 and ER3 are environmental codes for the environments
under rainfed conditions in 2009, 2010 and 2011 cropping
seasons, respectively. EI1, EI2 and EI3 are environmental
codes for the environments under irrigated conditions in
2009, 2010 and 2011 cropping seasons, respectively.

In this study, seven wheat-barley disomic addition lines (H1
to H7) along with two parents: a bread wheat cultivar
(Tritium aestivum cv. Chinese Spring) as recipient and a
barley cultivar (Hordeum vulgar cv. Betzes) as donor parents
were studied during 2009-11 cropping seasons under both
rainfed and supplemental irrigation (two irrigations with 30
mm for each irrigation applied at flowering and grain-filling
stages) conditions at the experimental farm of college of
agriculture, Razi University, Kermanshah, Iran (4720 N
latitude, 3420E longitude and 1351 m altitude). The
genotypes were sown in a randomized complete block design
with three replications. Each plot consisted of 3 rows with 1
m in length and 20-cm row spacing.
Statistical analysis
The grain yield data were subjected to combined analysis of
variance (ANOVA) to determine the effects of environment
(E), genotype (G), and their interactions. The data were
graphically analyzed for interpreting GE interaction using the
GGEbiplot software (Yan, 2001). GGE biplot methodology,
which is composed of two concepts, the biplot concept
(Gabriel, 1971) and the GGE concept (Yan et al., 2000), was
used to visually analyze the wheat-barley disomic addition
lines MET data. This methodology uses a biplot to show the
factors (G and GE) that are important in genotype evaluation
and that are also the sources of variation in GE interaction
analysis of MET data (Yan, 2001). The graphs generated
based on (i) "which-won-where" pattern, (ii) ranking of
genotypes on the basis of yield and stability, (iii) comparison
of genotypes to an ideal genotype, (iv) ranking of test
environment relative to the highest yielding genotype, (v)
ranking of genotypes relative to the test environment with
highest yielding performance and (vi) relationships between
testing environments based on the angles between the vectors
of the environments.
Conclusion

Fig 3. Ranking of genotypes relative to an ideal genotype.
The ideal genotype can be used as a reference for genotype
evaluation. Thus, using the ideal genotype as the center,
concentric circles were drawn to help visualize the distance
between each genotype and the ideal genotype. H1-H7 is the
codes for the wheat-barley disomic addition lines and CS and
Bet are the recipient and donor parents, respectively.

The results indicated that yield performance of wheat-barley
DALs were highly influenced by GE interaction effect
followed by the environment and genotype with the least
effects, showing that the GE interaction pattern is complex.
The magnitude of GE interaction effect was about four times
than that of genotype effect. The DALs showed crossover GE
interactions across environments and among genotypes
tested, there were desirable genotypes in terms of high mean
yield (i.e, H7). The GGE biplot analysis allowed a
meaningful and useful summary of GE interaction data and
assisted in examining the natural relationships and variations
in genotype performance across test environments. According
to GGE biplot, the DAL H7, which carrying the chromosome
number 7 of barley, can be characterized as genotype with the
highest mean yield production and low in stability.
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Fig 4. GGE biplot which shows the relationships among test
environments. The correlation coefficient between any two
environments is approximated by the cosine of the angle
between their vectors. Acute angles indicates a positive
correlation, obtuse angles a negative correlation and right
angles no correlation. H1-H7 is the codes for the wheatbarley disomic addition lines and CS and Bet are the recipient
and donor parents, respectively. ER1, ER2 and ER3 are
environmental codes for the environments under rainfed
conditions in 2009, 2010 and 2011 cropping seasons,
respectively. EI1, EI2 and EI3 are environmental codes for
the environments under irrigated conditions in 2009, 2010
and 2011 cropping seasons, respectively.

Fig 6. Ranking the test environments relative to the highest
yielding genotype (H7). It compares the relative performance
of the highest yielding DAL (H7) at different environments.
This is done by first drawing a straight line passing the biplot
origin and the marker of genotype H7, then drawing
perpendiculars to this straight line from the environment. An
environment's rank in producing H7 grain yield was based on
its projection onto the H7 axis, with rank increasing in the
direction toward the H7 marker. ER1, ER2 and ER3 are
environmental codes for the environments under rainfed
conditions in 2009, 2010 and 2011 cropping seasons,
respectively. EI1, EI2 and EI3 are environmental codes for
the environments under irrigated conditions in 2009, 2010
and 2011 cropping seasons, respectively.

The DAL H2, which carrying the chromosome number 2 of
barley, was the best in integrating mean yield with the highest
stability performance. Therefore, most of the genes
controlling yield and yield stability are located on
chromosomes H7 and H2 in barley, respectively.
Acknowledgements
The authors express their appreciations to Dr. M. Tahir,
ICARDA, Syria for providing the seeds of genotypes.
References

Fig 5. Comparison relative performance of different
genotypes in a specific environment (EI1) with the highest
yielding performance. A line was drawn that passed through
the biplot's origin and the MI7 marker to make a MI7-axis,
and then an another line was perpendicularly drawn from
each genotype toward the MI7-axis. The genotypes are
ranked on the basis of their projections onto the EI1-axis,
with rank increasing in the direction toward the positive end.
H1-H7 is the codes for the wheat-barley disomic addition
lines and CS and Bet are the recipient and donor parents,
respectively. ER1, ER2 and ER3 are environmental codes for
the environments under rainfed conditions in 2009, 2010 and
2011 cropping seasons, respectively. EI1, EI2 and EI3 are
environmental codes for the environments under irrigated
conditions in 2009, 2010 and 2011 cropping seasons,
respectively.

Allard RW, Bradshaw AD (1964) Implication of genotype–
environmental interaction in applied plant breeding. Crop
Sci 5: 503-506
Butron A, Velasco P, Ordás A, Malvar RA 2004. Yield
evaluation of maize cultivars across environments with
different levels of pink stem borer infestation. Crop Sci. 44:
741-747
Ceccarelli S (1989) Wide adaptation: How wide. Euphytica,
40: 197-205
Cho S, Garvin D, Muehlbauer G (2006) Transcriptome
analysis and physical mapping of barley genes in wheatbarley chromosome addition lines. Genetics 172: 12771285
Comstock RE, Moll RH (1963) Genotype x Environment
Interactions. Symposium on Statistical Genetics and Plant
Breeding. National Academy Science National Research
Council, Washington, D.C., pp: 164-196

1078

Delacy IH, Basford KE, Cooper M, Bull JK (1996) Analysis
of multienvironment trials- an historical perspective. Plant
Adaptation and Crop Improvement. Eds. M. Cooper and G.
L. Hammer. CAB international
Ding M, Tier B, Yan W (2007) Application of GGE biplot
analysis to evaluate genotype (G), environment (E) and
GxE interaction on P. radiata: A case study. Paper
presented to Australasian Forest Genetics Conference
Breeding for Wood Quality, 11¬14 April 2007, Hobart,
Tasmania, Australia.
Eberhart SA, Russell WA (1966) Stability parameters for
comparing varieties. Crop Sci 6: 36-40
Ellis RP, Forster BP, Robinson D, Handly LL, Gordon DC
(2000) Wild barley: a source of genes for crop
improvement in 21st century. J Exp Bot 51: 9-17
Eskridge KM, Shah MM, Baenziger PS, Travnicek DA
(2000) Correcting for classification errors when estimating
the number of genes using recombinant inbred
chromosome lines. Crop Sci 40: 398-403
Fan XM, Kang MS, Chen H, Zhang Y, Tan J, Xu C (2007)
Yield stability of maize hybrids evaluated in multienvironment trials in Yunnan, China. Agron J 99: 220-228
Farshadfar E, Farshadfar M, Sutka G (1999) Genetic analysis
of phenotypic stability parameters in wheat. Acta Agron
Hung 47(2): 109-116
Farshadfar E, Sutka J (2003) Locating QTLs controlling
adaptation in wheat using AMMI model. Cereal Res
Commun 31: 249–255
Farshadfar E, Haghparast H, Qaitoli M (2008) Chromosomal
localization of the genes controlling agronomic and
physiological indicators of drought tolerance in barley
using disomic addition lines. Asian J Plant Sci 7(6): 536543
Farshadfar E, Farshadfar M, Kiani M (2011) Involvement of
chromosome 5R carrying the genes controlling yield and
yield stability in rye ( Secale Cereale cv. Imperial). Europ J
Sci Res 59(3): 352-360
Finlay KW, Wilkinson GN (1963) The analysis of adaptation
in a plant breeding programme. Aust J Agric Res 14: 742754
Francis TR, Kannenberg LW (1978) Yield stability studies in
short season maize. I. A descriptive method for grouping
genotypes. Can J Plant Sci 58: 1029-1034
Gabriel KR (1971) The biplot graphic display of matrices
with application to principal component analysis.
Biometrika 58: 453-467
Garvin DF, Miller-Garvin JE, Viccars EA, Jacobsen JV,
Brown AHD (1998) Identification of molecular markers
linked to ant28, a mutation that eliminates
proanthocyanidin in barley seeds. Crop Sci 38: 1250-1255
Gauch HG (2006) Statistical analysis of yield trials by AMMI
and GGE. Crop Sci 46: 1488–1500
Gauch HG (1992) Statistical analysis of regional yield trials:
AMMI analysis of factorial designs. Elsevier, Amsterdam,
Netherlans.
Gauch HG, Zobel RW (1997) Identifying mega-environments
and targeting genotypes. Crop Sci 37: 311-326
Gauch HG, Zobel RW (1988) Predictive and postdictive
success of statistical analyses of yield trials. Theor Appl
Genet 76: 1-10
Islam AKMR, Shepherd KW (1990) Incorporation of barley
chromosomes in wheat, pp. l28-151 in Biotechnology in

Agriculture and Forestry, Vol. 13 Wheat edited by Y.P.S. B
AJAJ. Springer-Verlag, Berlin.
Jalata Z, Ayana A, Zeleke H (2011) Variability, heritability
and genetic advance for Some yield and yield related traits
in Ethiopian barley (Hordeum vulgare L.) landraces and
crosses. Plant Breed Genet 5: 44-52
Koszegi B, Farshadfar E, Vagujfalvi A, Sutka J (1996)
Drought tolerance studies on wheat/rye disomic
chromosome addition lines. Acta Agron Hunga 44: 121126
Kroonenberg PM (1995) Introduction to biplots for G×E
tables. Department of Mathematics, Research Report #51,
University of Queensland, 22.
Laffont JL, Hanafi M, Wright K (2007) Numerical and
graphical measures to facilitate the interpretation of GGE
biplots. Crop Sci 47: 990-996
Lin CS, Binns MR (1988a) A superiority measure of cultivar
performance for cultivar × location data. Can J Plant Sci
68: 193-198
Lin CS, Binns MR (1988b) A method for analyzing cultivar
× location × year experiments: new stability parameter.
Theor Appl Genet 76: 425–430
Lin CS, Binns MR (1991) Genetic properties of four
stability parameters. Theor Appl Genet. 82: 205–509
Lin CS, Binns MR (1994) Concepts and methods for
analyzing regional trial data for cultivar and location
selection. Plant Breed Rev 12: 271-297
Matus-Cadiz MA, Hucl P, Perron CE, Tyler RT (2003)
Genotype x environment interaction for grain color in hard
white spring wheat. Crop Sci 43: 219-226
Morgan M (1991) A gene controlling difference
osmoregulation in wheat. Aust J Plant Physiol 18: 294-257
Pinthus JM (1973) Estimate of genotype value: A proposed
method. Euphytica 22: 121-123
Samonte SOPB, Wilson LT, McClung AM, Medley JC
(2005) Targeting cultivars onto rice growing environments
using AMMI and SREG GGE biplot analyses. Crop Sci 45:
2414-2424
Shukla GK (1972) Some statistical aspects of partitioning
genotype-environmental components of variability.
Heredity 29: 237-245
Yan W (2001) GGE biplot–A Windows application for
graphical analysis of multi-environment trial data and other
types of two-way data. Agron J 93:1111–1118.
Yan W (2002) Singular value partitioning in biplot analysis
of multienvironment trial data. Agron J 94: 990-996
Yan W, Hunt LA (2001) Interpretation of genotype x
environment interaction for winter wheat yield in Ontario.
Crop Sci 41: 19-25
Yan W, Hunt LA, Sheng Q, Szlavnics Z (2000) Cultivar
evaluation and megaenvironment investigation based on the
GGE biplot. Crop Sci 40:597-605.
Yan W, Kang MS (2003) GGE Biplot Analysis: A Graphical
Tool for Breeders, Geneticists and Agronomists. 1st Edn.,
CRC Press LLC., Boca Roton, Florida, pp: 271
Yan W, Rajcan I (2002) Biplot analysis of test sites and trait
relations of soybean in Ontario. Crop Sci 42: 11-20.
Yan W, Tinker NA (2006) Biplot analysis of multienvironment trial data: Principles and applications. Can J
Plant Sci 86: 623-645
Zobel RW, Wright MJ, Gauch HG (1988) Statistical analysis
of a yield trial. Agron J 80: 388-393

1079

